ACLED, in light of the Journal of Peace Research’s exploration of the state of conflict data
In the most recent issue of the Journal of Peace Research, a ‘Special Data Section’ explores the status of,
and best practices associated with, conflict data to be used in conflict research. “There has been a
recent explosion in the collection of new data about conflict processes” (Salehyan, 2015, p.105); the
Armed Conflict Location and Event Data (ACLED) project is one of these. Here, the way in which
ACLED contributes to this field – as well as a review of ACLED’s data management strategies, per
the best practices presented in the JPR issue – is presented.
Source selection, information extraction, and data archiving are crucial aspects in the compilation of
quantitative data, especially on conflict processes (Salehyan, 2015). ACLED has a team of coders for
coding and information extraction. These coders employ ACLED’s search strategy (using the same
search string when searching for media reports) to search through multiple local, regional, national
and international sources to harness the available information on violence. Please see the ‘Sourcing
Working Paper’ to review the source practices, etc. A set of detailed instructions have been
developed for coders to use in all facets of their work (Hensel and Mitchell, 2015). The ACLED
Codebook can be accessed here.
In order to ensure the most accurate data are cleaned and analysis-ready, ACLED implements a
series of cleaning and checking. ACLED data goes through checks of inter-coder, intra-coder, and
inter-code reliability every week before the release of its weekly real-time conflict data. After a team
of coders goes through the various media sources and codes conflict events that have occurred
during the week, coding is submitted to a first person to test inter-coder reliability; this person checks
the coding for correct numbering, event types, locations, etc., ensuring that coding is systematic
across coders. Next, coding is submitted to a second person to test intra-coder reliability; this person
checks each coder’s coding specifically, comparing coding to the original source material to ensure
accuracy. Coding is then submitted to the last reviewer to test inter-code reliability; this person ensures
that the notes submitted relating to each conflict match the conflict event itself and whether the
event should ultimately even be included within the dataset (i.e., is the event an example of political
violence). These various levels of cleaning and testing ensure that the weekly release of data
continues at a high standard despite the quick turnaround time.
Additionally, coding for the entire year is checked and cleaned at an even more rigorous level, in
which past conflict events are checked and updated, and any new conflict events are revised. This is
done annually before the release of a new version of the dataset each January; the latest version of
the dataset (version 5) was released in January 2015. For more information on the annual data
management and cleaning process, please refer to ‘data review practices’ note in the ACLED
Methodology section.
Despite the recent appeal of automated coding methods – that it is faster, cheaper, and ‘more
objective’ – one must be wary of the pitfalls associated with the practice as well. First and foremost
is the risk of duplication (i.e., ensuring that the same conflict event is not coded more than once,
which can lead to issues of over-counting) is an issue that has been pointed out repeatedly (see blog
posts by Weller and McCubbins, 2014; Ulfelder, 2014; Caren, 2014). Human coders are better able
to make decisions regarding whether two reports refer to the same conflict event or not. ACLED is
able to then capitalize on the benefits of multiple source reporting on the same event by using
triangulation techniques to ensure the most information about each conflict event is gleaned and
coded (Weidmann and Rød, 2015). For example, fatality counts are an attribute of conflict that is

open to much variation (for example, see Anyadike [2015] for a comparison of fatality counts related
to Boko Haram’s conflict activity amongst ACLED, IRIN News, and Nigeria Watch). In an effort
to not over-count fatalities, ACLED codes the most conservative reports of fatality counts, as
reported in the most relevant and up-to-date reports. Overcounting deaths is an issue given the
incentives to misrepresent death counts by the “systematic violence bias in mainstream news
reports” (Day, Pinckney, and Chenoweth, 2015).
ACLED’s coders are also able to distinguish conflict parties more accurately – a problem for
automated coders (Weller and McCubbins [2014], for example, describe how GDELT – a large-scale
conflict dataset relying on automated coding – is missing one or both conflict actors in large
proportions of its coding as it can be difficult for a computer to determine these parties). Human
coders are also able to account for subjective variation in reports, such as tone or biases. While
automated coders might claim to account for variables such as tone, in practice computers are not
yet able to consistently distinguish biases of this sort when compared to humans (for example,
Weller and McCubbins [2014] note that while GDELT in theory codes tone as a variable ranging
from -100 to 100, they were not able to identify a single negative tone coding in the entire dataset).
ACLED coders, meanwhile, are able to account for biased sources and biased interpretations by
reports, and ensure that only the relevant, objective information is coded.
ACLED draws from sources at the international, regional, national, local, and aggregate levels. This
ensures that media biases related to reporting at a certain geographical level do not impact coding.
Of these sources, urban bias does not have a significant impact on the sources ACLED uses to
inform coding.
In addition to violent conflict, nonviolent conflict events are also important to include when
examining conflict patterns (Day et al., 2015). ACLED codes a variety of nonviolent events: when a
headquarters or a base is established; a nonviolent transfer of territory (i.e., when rebel groups acquire control
of a location without engaging in violence); non-violent activity by a conflict actor (activity within the
context of a war or dispute that does not involve active fighting, coded in order to capture pivot
events with campaigns of violence; e.g., recruitment drives, incursions or rallies, peace talks, arrests
of high-ranking officials, etc.); or nonviolent protests. Despite being nonviolent, these events can and do
often contribute to shaping conflict dynamics, and can also capture instability that may exist within a
country that would otherwise not be accounted for. For example, if the high number of protests
that occur in South Africa (e.g., related to political parties, service delivery, etc.), especially relative to
the low(er) number of violent conflict events, were not coded, a more peaceful picture of South
Africa would be painted than what is the reality (see Figure 1).

Figure 1: Range of Political Violence and Protest in South Africa

In addition to nonviolent conflict events, ACLED also codes a variety of conflict event types along
with a variety of conflict actors. Government forces, rebel groups, political militias, ethnic/communal militias,
rioters, protesters, civilians, and external forces can participate in battles (specifically: battles with no change of
territory, battles in which a non-state actor overtakes territory, or battles in which the government regains territory), a
riot or protest, violence against civilians, or remote violence. The ACLED Codebook can be accessed here.
By coding the various types of conflict, as well as agents of violence, a more complete understanding
of the conflict landscape can be gleaned. These intricacies may be missed if only coding certain types
of conflict.
It can be difficult to classify certain conflict events today in accordance with definitions of war, civil
conflict, and political violence that were stated and decided upon years ago (Kreutz, 2015). Conflict
dynamics do change over time – various agents, tactics, and strategies of conflict rise and fall.
Whereas interstate conflicts were more prevalent during the last century, intrastate conflict is more
common now. Further, within this type of conflict, various types of violence are instigated by
multiple agents. For example, while government forces and rebel groups were the primary agents of
organized, armed conflict in Africa 20 years ago, rebel groups no longer top the list of instigators. In
the past 10 years, political militias have become responsible for over a third of all organized, armed
conflict events on the continent (see Figure 2 for a comparison of conflict activity by various agents
of violence). Political militias are militant groups who use violence as a means to shape and
influence the existing political system, but do not seek to overthrow national regimes. These groups
operate as ‘armed gangs’ for different political elites – including politicians, governments, opposition
groups, etc. Employing an intrastate conflict definition that does not include this important conflict
actor is missing quite a large component of the modern conflict landscape.

Figure 2: Agents of Political Violence Over Time

Figure 3 compares conflict from 2008 to 2010 in Africa as coded by the UCDP-GED conflict
dataset – which defines armed conflict as a contested incompatibility concerning government
and/or territory between the government of a state and another warring party, resulting in at least 25
battle-related deaths – and ACLED. The UCDP dataset codes conflict as single-day events,
summary events, or continuous events. While their single-day event coding (which makes up over
half of the conflict events coded during this time period) is similar to the way in which ACLED
codes all of its data, their summary and continuous conflict events code conflict that occurs over
more than one day. However, as UCDP does not have disaggregated information on when events
occurred per their codebook, these events are plotted only once on the map below. Additionally,
ACLED codes a wider spatial range than UCDP: the location of events ranges more widely within a
state in ACLED coding, while a larger number of events are attributed to a single location in UCDP
(e.g., see Mogadishu, Somalia). Due to these structural coding differences, separate scales were used
in mapping each of the datasets. Figure 3 shows that UCDP is able to map conflict in Somalia, the
Kivu region of DR-Congo, and the Darfur region of Sudan well, given the prevalence of conflict
involving government forces in those regions. However, a much more peaceful picture of much of
north and south Africa is painted; much of the conflict in Nigeria involving political militias (e.g.,
Boko Haram) or the civilian targeting in Zimbabwe by political militias (specifically, the ZANU-PF)
are not captured, despite leading to over hundreds of fatalities in either case.

Figure 3: A Comparison of ACLED and UCDP Events 2008-2010

Similarly, unidentified armed groups are also a prominent player in the African conflict landscape.
Figure 4 shows the increasing prevalence of these groups in Africa; in recent years, these groups
have been responsible for over 14% of organized, armed conflict on the continent each year. These
groups have many similarities to political militias, especially in that they can often act as
‘mercenaries’ – doing the violent bidding of elites. As a result, many are not keen to take open
responsibility for their violent actions by name – and without a group name, this conflict actor is not
coded within other conflict datasets. However, leaving these groups unaccounted for in coding
processes can have an effect of making certain unstable and violent areas seem peaceful ‘on paper’
when no conflict is coded in a region that is actually experiencing much conflict. By including
unidentified armed groups during coding, ACLED tries to paint the most transparent picture of a
conflict area.

Figure 4: Unidentified Armed Groups

While it is important for researchers to have agreed upon working definitions of ideas and concepts
in order to maintain consistency, especially across scholarly work, it is crucial too that researchers
maintain an open mind to these changing conflict dynamics or risk becoming dated. For example,
upon seeing the rise in the use of remote violence tactics in recent years, ACLED has introduced
remote violence as a new conflict event type within the latest publication of the ACLED dataset
(version 5, published January 2015) in order to account for and capture this changing dynamic. A
large number of bombing and IED attacks are carried out in indiscriminate ways (e.g., landmines
placed on roads; IEDs left in crowded areas), and hence determining the intended or deliberate
target ex ante (coding as a battle if military forces become the victim, as violence against civilians if
civilians are the victim, or as a nonviolent event if detonated but no injuries reported) may not
always be describing the conflict environment accurately; this can be especially true in the latter case,
where attacks are coded as nonviolent when the reality may be an unstable security environment.
Additionally, coding a conflict actor as responsible for a bombing or IED attack without denoting it
as remote violence may have the effect of painting a misleading picture: suggesting that a conflict
actor is present in a location (both geographically and/or temporally) where it may not be. Given

these changes to conflict dynamics in recent years, it is necessary to maintain open and flexible
coding frameworks and processes. Though maintaining consistency is important, dogmatic
adherence to certain definitions leaves one at risk of excluding relevant data that may be crucial to
analyses, especially within a changing landscape. For more on remote violence, see the latest Remote
Violence Trend Piece.
ACLED offers a detailed description of its data for users, which span from academics and research
centers to policymakers, humanitarian organizations and practitioners. Data is packaged in a variety
of ways in order to increase ease of working with the data; these data are archived at
www.acleddata.com. In addition to the annual release of data, real-time conflict data is released in a
weekly format throughout the year. Data are offered in a dyadic format (where each conflict event is
a single unit of analysis) and a monadic format (where the involvement of each actor in a conflict
event is a single unit of analysis). While the former is more useful in understanding conflict
dynamics and patterns, the latter is useful in analyses of conflict actors and/or actor types. Conflict
data is also available disaggregated by specific countries as well as by conflict type. Lastly, a shapefile
of data is also publicly available for use in GIS analysis.
While ACLED codes a variety of conflict types and actors, other variables indirectly shape conflict
dynamics and may be relevant to researchers. While other datasets may provide data that are of
relevance to a researcher’s specific analyses, the fact that most datasets are not arranged to be easily
combined can be problematic (Asal, Cousins, and Gleditsch, 2015). In order to aid in combining
with other datasets, ACLED offers a working list of all conflict actors within the dataset, along with
each actor’s interaction code, which aids in each actor’s classification. This information can be used in
matching specific conflict actors across datasets.
Information is available at
http://www.acleddata.com/research-and-publications/user-documents/
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